DOCUMENT RESUNE

ED 344 943 T 018 344

AUTHOR Noble, Julie P.

TITLE Predicting College Grades from ACT Assessment Scores
and High School Course Work and Grade Information.

INSTITUTION American Coll. Testing Program, lowa City, Iowa.

REPORT NO ACT-RR-91-3 *

PUB DATE Jul 91

NOTE a3p.

AVAILABLE FRON American College Testing Research Report Series, P.0O.
Box 168, Iowa City, IA 52243.

PUB TYPE Reports — Evaluative/Feasibility (142)
EDRS PRICE MF01/PCO4 Plus Postage.
DESCRIPTORS College Entrance Examinations; #*College Freshmen;

sCourses; English; Estimation (Mathematics); Grade

Point Average; =Grades (Scholastic); Higher

Education; High Schoopls; Mathematical Models;

Mathematics; Predictive validity; =Predictor

variables; Sciences; w»Scores; Scocial Studies
IDENTIFIERS Accuracy; =ACT Assessment

ABSTRACT

This study examined the accuracy of predictions of
college grades in English, mathematics, social studies, and natural
science courses, and the accuracy of predictions of overall freshman
grade point average (GPA) based on American College Testing Program
(ACT) assessment test scores and on high school course work and grade
information from the ACT Assess@ent Course Grade Information Section
(CG1s). Estimates of prediction accuracy (more than 160 institutions)
were compared to those obtained using ACT scores and the four
self-reported grades from the registration folder (TH index), ACT
Assessment scores, and CGIS. Base~year predici.nn models were
developed using student records from the 1966-87 and 1987-88
Prediction Research Services history files. These models were
cross-validated using 1988-89% data from the same institutions.
Separate models for juniors and seniors and the total group were
developed. Results show that most ACT/CGIS models slightly increase
prediction accuracy in some subject areas over that of the TH index.
The model based on the four ACT scores and an average of 23 grades
modestly improves prediction accuracy over that of the TH index for
more than 50% of the institutions. Results support use of prediction
models based on ACT scores and high school drades. Five appenhdices
(one with five tables) provide supplemental information. Eight
additional tables present study data, and there is a 39-item list of
references. (Author/SLD)

AR R RARAARERARRARABSARNN BRI AR R RRNRN RN R ANNARRARAAARSRARRARRARARRRLARARARRAARARRRRARRAR

A Reproductions supplied by EDRS are tlie best that can be made *

x from the original document. *
ttttRttt*ttRttttt*kattstlﬁttltlttt*l*t**ttttﬁttltttt&ttt*!tt*ttttt*stkt




ACT Research Report Serles 91-3

EnDRa494g

Predicting College Grades

From ACT Assessment Scores and
High School Course Work and
Grade Information

Julie P. Noble

8. DEPARTMENT OF EDUCATION “PERAMISGION TO REPRODUCE THIS

O e of toucalonal h angd impios ant
EDUCATIONAL RESOURCES INFORMATION MATERIAL HAS BEEN GRANTED BY

CENTER(ERIC) £ A .
Mﬁm gocument has been sepioduced 3s 1T. E @fﬁﬂl

recowved trom ihe person or Of gan;ZaLor

ongmatng it
" MenQr changes have been madse 10 /mpfeve
reproguction guithty

» Ponisof vam ot opinions siaied e el YO THE EDUCATIONAL RESOURCES
BE R position o pory INFORMATION CENTER (ERICY."
July 1991

-«

HE N N BN B BN B B B B N

o
I=

77018 39Y
]

QW) %

-

=

¢

)

=3

[ o]

=

@ty

R Lo
) WU NE s e
\ : oo gL
: . S
L -t :3,13“




For additional copies write:
ACT Research Report Series
P.O. Box 168
lowa City, lowa 52243

< 1991 by The American College Testing Program. Al rights reserved.




PREDICTING COLLEGE GRADES FROM ACT ASSESSNENT SCORES
AND EIGH SCHOOL COURSE WORK AND GRADE INFORMATION

Julie P. Noble
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ABSTRACT

This study examined the accuracy of predictions of English, mathematics,
social studies, and natural sciences course grades, and of overall freshman
GPA. The predictions were based on ACT Assessment test scores and on high
school course work and grade information from the ACT Assessment Course Grade
Information Section (CGIS). Estimates of pPrediction accuracy were compared to
those obtained using ACT scores and thé four self-reported grades from the
registration folder (TH index), ACT Assessment scores alone, and CGIS
information alone as predictors.

Base-year prediction models were developed using student records from
the 1986-87 and 1987-88 Prediction Research Services history files; these
models were then crossvalidated using data from the same institutions for
1988-89. Separate models were developed and crossvalidated for juniors and
seniors. 1In addition, total group prediction models wers developed and
crossvalidated separately for Juniors and seniors.

The results showed that most ACT/CGIS models slightly increased
prediction accuracy in some subject areas over that obtained by the TH index.
The model based on the four ACT scores and an average of 23 grades improved
prediction accuracy over that of the T index for more than 50% of the
institutions. The amount of improvement was modest, however. The results
clearly supported the use of prediction models based jointly on ACT scores and

high school grades, rather than on either ACT scores or grades alone.




PREDICTING COLLEGE GRADES FRON ACT ASSESSMENT SCORES
AND HIGH SCHOOL COURSE WORK AND GRADE INFORMATION

Julis P. Nobdle

College admissions or placement decisions are often based in part on
predictions of students’ performance during their freshman year (e.g., course
grades cor GPA). Students whose predicted performance falls above a certain
level of performance are admitted into the college or course; students whose
predicted performance falls below the specified level may be denied admission
or may be admitted under special conditions.

The Prediction Research Services (formerly Standard Research and Basic
Research Services) provided by ACT allows institutions to develop predictions
of students’ grades in specific college courses. The predictions are based on
regression models composed of students’ ACT test scores (in English,
mathematics, social studies, and natural sciences; in English and mathematics
during the transition to the enhanced ACT Assessment) and their self-reported
high school grades in the same subject areas,

Predicted grades and regression weights in the Prediction Research
Services are derived for each institution using the TH index, which is
calculated using two prediction models:

ACT English Usage score
a8; * ACT Mathematics Usage score

a8; * ACT Social studies Reading score
as * ACT Natural Sciences Reading score

(1) ¥; = a; + a,

+ 4+

{2) Y, = by + by HS English grade
b, * HS Mathematics grade
b, * HS Social Studies grade

b, * HS Natural Sciences grade

++ 4+

For these equations, Y; and Y, are the predicted course grades for the
two models; the subscript T refers to the test models, or T inde#, and the H
refers to the high school grade model, or H index. The TH index is the
average of the two college grade predictions, the T index and the H index.
The TH index resembles an B8-variable prediction model and has been shown to
yield predictions of comparable accuracy {ACT, 1965). The values a,, a,, a;,
4y, A4 by, by, b,, b,, and b, are regression weights; all values are specific

to an institution and the course grade being predicted. The weights are
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calculated from the college course grades, ACT test scores, snd self-reported
high school grades for students from each institution participating in the
Prediction Research Services.

The self-reported grades in the four major subject areas are those
traditionally collected on the ACT Assessment Registration Folder (RF). There
are several limitations in using the RF grades to predict college grades:
first, a postsecondary institution cannot determine the exact content of the
courses taken in a particular subject area, and thus cannot detirmine their
appropriateness for predicting college course grades. In addition, the
institution is limited to high school grades for courses in the four major
subject areas (English, mathematics, social studies, natural sciences). The
Registration Folder does not include course work in foreign languayes or fine
arts. Further, each of the four self-reported grades is a single measure, and
thus may be less reliable than information derived from nultiple measures.

In the fall of 1985, the ACT Assessment Registration Folder was revised
to include the High School Course Grade Information Section (CGIS), in which
students report the courses they have taken or plan to take in high school and
the grades they earned. The CGIS collects information on 30 specific high
school courses in English, mathematics, social studies, natural sciences,
languages, and the arts. Given the greater specificity in reported course
work and grades collected in the CGIS compared to tho four self~reported
grades, it might be assumed that a better estimate of students’ knowledge and
skill might be obtained using CGIS data, and thus a stronger relationship with
college grades might be found. The purpose of this study, therefore, was to
determine the accuracy of college course grade predictions in English,
mathematics, social studies, naturali sciences, and overall freshman GPA using
ACT test scores and information from the CGIS as predictors. The results were
compared to those obtained using the four self-reported grades, high echool
average based on the four self-reported grades, or using ACT scores or CGIS
information alone.

The prediction eguations developed for one freshman class are typically

applied to the test scores and high school grades of future freshman classes.




Because the students enrolled in courses may differ over time in their test
scores, high school grades, or college grades, predictive validity statiatics
developed from one years'’ data may mis-state the strength of the relationship
agsociated with actual use of the predictions. Crossvalidation analysis
compares the predicted grades calculated from egquations devaeloped from one
freshman class with the actual grades earned by a subsequent class. This
procedure models the actual use of prediction equations by institutions, and
it avoids the tendency of estimates of predictive accuracy based on a single
years' data to be overly optimistic. A second purpose of this study,
therefore, was to determine the crossvalidated predictive accuracy of college
course grade predictions. .

Students typically take the ACT Assessment as high school juniors or
seniors, or after graduating from high school (on national test dates and
through "residual” testing on college campuses). Only high school juniors and
seniors were included in this study; therefore, students will be identified as
either "juniors®" or "seniors.” Approximately 35% of students nationally take
the ACT Assessment as juniors, and 65% as seniors {ACT, 1988).

ACT—-tested juniors tend to be more academically able than their senior
counterparts: The average ACT Composite score of Juniore was about 2.7 AcCT
score units higher than that of geniors in 1988 (ACT, 1988). As a result, the
course work and grades reported by juniors and seniors might be expected to
differ, both as a result of differences in educational development and when
the test was taken. With one more year of high school than juniors, seniors
typically have taken at least one more English course and Social studies
course than juniors, and slightly more mathematics and natural sciences course
work (Noble and McNabb, 1989). Seniors also have grades for these courses,
whereas juniors can only indicate their intent to take or not take additional
courses. Therefore, for this study, course grade predictions were examined by
grade level {(juniors vs. seniors), as well as for the total group.

The utility of ACT test scores and high school course work, as measured
by grades or courses taken by students, for predicting college course grades

rests on several assumptions:



1. ACT test scores and high school course work and grades either
directly measure or are closely related to the academic skills and
knowledge required for success in particalar coursea.

2. College course grades are of sufficient reliability and validity
so that they measure real and relevant aducational ¢ itcomes,
rather than random or irrelevant factors.

If these assunptions are true, then thers should be a statistical
relationship between ACT scores, high achool course work, and college freshman
grades. Prediction accuracy is therefore a relevar: factor in determining the
suitability of using test scores and high school grades for making admisaions
and placement decisions.

Earlisr Research

Many studies have been conducted that examined the relationships among
college admissions/placement test Scores, high school performance, and college
grades. Test predictor variables have included ACT sccres, SAT scoxres. and
subject-specific tests like the Mathematics Achievement or CEEB~English tests.
High school predictors have included high school rank, high school GPA, and
four self-reported grades in English, mathematics, social studies, and natural
sciences. These studies were limited, however, both in the nature of the high
school predictors used and in the criteria being measured. The high scheool
predictors were typically a single value, {(e.g., high school rank or GPA) or a
set of individual values (e.g., four self-reported grades). Comprehensive
measures that took into account the specific nature of the courees oOr the
number of courses taken in each subject area were not used. In addjtion, the
exact nature of the high school information was frequently not specified in
sufficient detail to permit comparing the results across institutions.

The criteria examined in the studies were typically freshman GPA, grades
from a single specific course, or grades from a small cluster of courses. In
addition, for all studies except Noble and Sawyer (1987) and Sawyer and Maxey
{1979), the results wore based on one years’ data and were not crossvalidated.

Their results could thus be overly optimistic.
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Noble and Sawyer (1987) examined specific college course grade
predictiors using ACT Assessment test scores and the four RF high school
grades as predictors. They included a comprehensive raview of the research
conducted on the topic. Their findings are summarigzed below; for a more
detailed description of each study see Noble and Sawyar.

The studies on the relationship between English course grades and teat
scores alone reported relatively low correlations, with values ranging from
«13 to .38. Higher multiple R values were reportaed by Noble and Sawyer
(1987), who reported medium multiple Re of .41 to .47 (four ACT scores), .38
to .46 (four self-reported grades), and .48 to .55 (four ACT scores and four
high school grades) when predicting college English grades. Under cross-
validation, however, multiple R for the combined model decreased by .00 to .08
across selected English courses.

For the mathematics validity studies, a variety of predictors were used
to predict mathematics course grades; the rasulting correlations rangec from
-04 to .75. Two studies included high school grades, and reported multiple Rs
of .36 to .47 between high school grades and collega mathematics grade
(Bridgeman, 1982; Howlett, 1969). Noble and Sawyer {1987) found median
multiple Rs of .36 to .43 using the four ACT scores, .36 to .46 using four
self-reported high school grades, and .46 to .56 using test scores and hign
school grades tor predicting mathematic grades. Multiple R typically
decreased by .07 for selected mathematics courses when crossvalidated,
however.

Social studies validity studies generally showed moderate positive
correlations (.32 to .52); these results were based only on test scores.
Noble and Sawyer (1987) reported median multiple correlations of .50 to .56
when four ACT scores and four self-reported high school grades were used to
predict social studies grade, with a typical decrease in maltiple R of .03 to
»07 under crossvalidation.

The studies on the relationship between natural sciences grades, test
scores, and high school performance reported correlations of .14 to .é61.

Median multiple correlations of .46 to .51 were reported by Noble and Ssawyer
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(1987) when ACT scoree were used to predict Biology and Chemistry grades;
median multiple R increased to .56 and .61 when the four high school grades
were added to the prediction model. For the combined model, typical decreases
in multiple R of .02 to .05 were found under crossvalidation, however.

Each year ACT publishes the Prediction Research Services Summary Tables
(ACT, 1988), which summarize regression statistics derived through the
Prediction Research Services during the previous three years. These takles
include frequency distributions of correlation coefficients and standard
errors of estimate for predicting grades in English, mathematics, social
studies, and natural sciences courses, as wall as for predicting college
freshman GPA. Across the four subject areas, median multiple Rs of .39 to .47
were reported between ACT test scores and college course grade {T index), -40
to .47 between high school grades and college grade (H index), and .48 to .56
between ACT scores, high school grades, and college grade (TH index).

The research published since 1975 on predicting overall GPA is
summarized in Table 1. The authors and date of publication, the criterion
used, the test and/or high school course work variables used as predictors,
the sample size, and the correlation coefficients are presented for each
study. For a complete description of the samples and the predictor variables
used in each study, see the specific articles cited.

The research on the prediction of college GPA using test scores and high
schoeol grades showed somewhat larger correlations than models using test
scores or grades alone. Lenning (1975) and Sawyer and Maxey (1979} reported
multiple correlations of .53 to .63 for predicting college GPA from the four
ACT scores and four self-reported high school grades.

The correlations between high school rank or high school record alone
and college GPA were typically between .41 and .56, though Willingham and
Breland (1982) reported correlations as low as .25 using high school rank.
Sawyer and Maxey (1979) reported crossvalidated correlations of .48 between
the four self-reported high school grades and college freshman GPA.

when test scores alone were used to predict college GPA, the

correlations ranged from .40 to .50 for ACT scores, and from .27 to .42 for
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SAT scores. There were three exceptions: Willingham and Breland ({1982) and
Cameron (1989) reported correlations of .57 to .61 between SAT scores and
college GPA, and Lenning (1975) reported correlations ranging from .50 to .59
between the five ACT scores and college GPA. Sawyer and Maxey {(1979) reported
median crossvalidated correlatjons of .48 to .50 between ACT acores and
college freshman GPA.

Data for the Study

The analyses in this study were based on student records submitted by
institutions through their participation in ACT's Prediction Research
Services. Each student record contained the four ACT test scores in English,
mathematics, social studies, and natural sciences, plus the ACT Composite
score {(the average of the four test 8COres). Scores are reported on 2
standard scale of 1 to 36. 1In addition, each record contained two seis of
high school course work information: the four RF grades in English,
mathematica, social studies, and natural sciences, and the course-taking and
grade information from the CGIS (gee page 2). High school grades (RF and
CG1S) were reported on a 0 (F) to 4 (A) point scale. A }igh school average
(HSA) based on the four RF high school grades was also included.

The ACT scores used for this study were those of students who tested
prior to the introduction of the enhanced ACT Assessment in Fall 1989, Thisp
study will be replicated when there is a sufficien: number of student records
with "enhanced"™ ACT scores and college grades.

The CGIS collects information on 30 specific courses typically found in
college preparatory high school curricula. Students are asked to identify the
courses they have taken, the courses they plan to take in high school, and the
grades they earned. Data are collected for four English courses, seven
mathematics courses, seven social studies courses, four natural sciences
courses, four foreign language courses, and three fine arts courses, The CGIS
is reproduced in Appendix A.

Each student record in the Prediction Research Services alsgo contains
grades for one or more specific freshman courses chosen by individual

institutions. Detailed descriptions of courses used in this study (e.q.,
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*college algebra™) were not possible, however; instead, college course grades
were classified in the four general subject areas of English, mathematics,
social studies, and natural sciences. All other courses reported by
institutions (e.g., Religion or Agriculture} were not included in the study.
All course grades were reported on a 0.0-4.0 scale.
Sample

student records from the 1986-87, 1987-88, and 1988-89 Prediction
Research Services history files were used for the study. Since the CGIS was
not added to the ACT Assessment until 1985, the earliest CGIS data were
available for students who took the ACT Assessment in 1985-86 as seniors and
enrolled as freshmen in 1986-87. The 1987-88 and 1988-89 files contained
records for both juniors and seniors. The 1986-87 file contained records for
87,780 freshmen from 171 colleges who took the ACT as seniors in 1985-86. The
1987-88 file contained records from 175 institutions, with 32,375 students who
took the ACT as juniors (1985-86) and 85,922 who took the ACT in 1986-87 as
seniors; the 1988-89 file contained records from 168 institutions with 43,672
students who took the ACT as juniors (1986-87) and 112,906 who took it as
seniors.

1t should be noted that the data in this study pertain only to ACT-

tested students and to institutions participating in the Prediction Research
Services. As a result, they are in some respects not representative of
students nationally:

* Participating in ACT’e prediction Research Services is voluntary;
the colleges represented are therefore self-selected even among
colleges that use the ACT Assessment.

» Private institutions are relatively underrepresented among college
that use the ACT Assessment, and public institutions are over-
represented.

» Colleges that use the ACT Assessment are located mainly in the
Rocky Mountains, Great Plains, Southwest, Midwest, and South, with

comparatively fewer in the East Coast and West Coast.
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Therefore, the results of the study cannot be claimed to represent
precisely the results that would be obtained if test gcore and course grade
data from all colleges in the United States could somehow be collected.
Craat £ New COIS x les

Several new variables were created from information provided in the

CGIS:

l. Number of courses taken (1), or not taken (0) in the six subject
areas {(English, mathematics, social studies, natural sciences,
languages, and fine arts).

2. Number of courses taken/planned to take (1), or planned not to
take (0) in the six subject areas.

3. Average grade in each of the six subject areas.

4. Sum of all grades in each of the six subject areas.

5. Sum of grades for each of 21 specific course clusturs. The

clusters included one or more courses in a subject area that were
selected to reflect both typical high school course sequences and
those that maximized the differences in course~taking among
students. (For example, English 9 & English 10 was not included
because virtually all students take these courses.) A list of the
clusters studied is provided in Appendix B.

6. Dummy variables representing whether a student took all of the
courses in a given course cluster (1), or did not take all courses
in the cluster (0).

7. Average of all reported CGIS grades for each student.

8. Average of the CGIS grades in English, mathematics, social
studies, and natural sciences.
9. Average of each students’ average grades in the four major content
areas.
10. Dummy variables representing whether a student completed a core

curriculum of four courses in English and three in mathematics,
social studies, and natural sciences (1); or did not complete a
core curriculum (0).

11. Dummy variables representing whether a student completed a core
curriculum of four courses in English, three in mathematics, and
two in sorial studies and natural sciences (l); or did not
complete a core curriculam (0).

12. Dummy variables representing whether a student completed a core
curriculum of four courses taken in English and two in
mathematics, social studies, and natural sciences {1); or did not
complete a core curriculum (0).

Creation of New RF Variables

New course work variables, paralleling those for the CGIS, were developed

from the four RF grades and from other data collected in the registration
folder (RF). The RF collects, among other data, self-reported number of years
in high school course work in English, mathematics, social studies, natural
sciences, French, German, Spanish, and other foreign languages. The scale
ranged from 0 (none) to 4 {four or more years).

Using the RF course-~taking variables, the total number of years taken in

each subject areas was romputed. The number of years of French, Spanish,

BESTOOPY AViLic !
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German, and other languages were combined into the total number of years of
foreign languages taken. In addition, three dummy variables were developed to
represent whether the student had completed a core curriculum. The same core
curriculum definitions were used here as were used for the CGIS variables;
however, the number of years of Courses taken was used in the RF variables,
rather than the number of courses taken.
Analysis

pescriptive Analvsis

pescriptive statistics were calculated, by grade level, for college
course grades and GPA, ACT Composite score, high school average {(RF), average
of the 23 high school grades (CGIS) and student sample sizes for each
{netitution that participated in the Prediction Research Services in 1987-88.
The descrirtive statistics were then summarized across institutions.
Descriptive statistics based on student sample sizes smaller than 50 were

deleted from the summaries.

There were 161 CGIS aund RF variables that could potentially be used as

predictors of college course grades and GPA. Viable predictors were
identified initially by correlating all CGIS and RF course grade and course-
taking variables with college course grades and overall freshman GPA.

A representative sample of 10 colleges was drawn from the 1986-87 data to
study the relationship between the CGIS and RF course-taking information and
college grades. Institutions were chosen according to region, college type,
control, and admissions policy, as identified in the Colleqge Planning/Search
Book (ACT, 1986).

The CGIS and RF variables used for this analysis included the following:

caI1s
1. Each of the 30 courses taken or not taken.
2. Grades reported for each of the 30 CGIS courses taken.
3. Number of courses taken in a subject area.
4. Average of the grades received in a subject area.
5. Sum of grades received in a subject area.
6. sum of grades for sach of the 21 Course clusters.
7. Each of the 21 course clusters taken or not taken.
8. Average of all reported grades.
9. Average of the grades in English, mathematics, social studies, and

natural sciences.

15
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i10. Average of the four average grades in English, mathematics, social
studies, and natural sciences.
11, Sum of all grades.
12. Core or more (all three definitions).
RF
1. Number of years of courses taken in a subject area.

2. Four self-reported grades in English, mathematics, social studies,
and natural sciences.

3. Average of the four self-reported grades.

4. Core or more (all three definitions).
Correlation coefficients were computed for each institution and then
summarized across institutions. Institutions with sample sizes less than 25
for a given pair of variables were deleted from the summary for that
correlation.

Of the possible CGIS predictor variables, 36 variables had consistently
high correlations with college grade and GPA, relative to other predictors.
Appendix C contains the median correlation coefficients for those CGIS and RF
Predictor variables most highly related to course grades and GPA.

ele n n 8

From the CGIS and RF course work variables most highly related to college
performance, 15 preliminary prediction models were judgementally identified.
The numbers of courses taken in each subject area were also included in these
preliminary models.

Initial prediction models were developed using the sample of 10 colleges.
Multiple correlations (R) and standard errors of estimate {SEE) were
calculated for each model and college and then pummarized across institutions.
R ranges from O to 1, with larger values indiéating more accurate prediction.
SEE is the square root of the average squared differences between actual and
predicted course grades. Smaller values of SEE indicate more accurate
prediction.

All but three models were then estimated from the complete 1986-87 data
file of 171 institutions and 87,780 freshmen who took the ACT Assessment as
seniors in 1985-86. These three models were eliminated because they showed
less prediction accuracy than the other 12 models. The results for the total

group of institutions, as reported in Appendix D, were similar to those found

for the sample of 10 colleges.
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For the final set of analyses, 13 additional models were estimated to
explore further the relationships among high school course work, ACT test
scores, and performance in college. 1In particular, the added models
differentiated between courses taken and courees taken/plan to take. Separate
models were also developad for the CGIS variables alone, in order to determine
the incremental validity of combined test score and CGIS models over that of
ACT test score, RF, or CGIS models alone. Due to relatively low base-year
prediction accuracy, one model was dropped from the final analyses, resulting
in 24 models to be crossvalidated.

Crossvalidation Analvsis

For each college, 24 simple or multiple linear regression prediction
equations were developed for each college grade and GPA. The models were
estimated from the 1987-88 data (base-year), and were developed separately for

juniors aid seniors. The 24 models were:

ACT
1. ACT score in the corresponding college subject area.
2. Four ACT scores.
RF
3. Four high school grades.
ACT/RP
3. TH Index.
5. Four ACT 8cores & HSA.
6. ACT Composite & HSA.
CGIS
7. Average grade in the corresponding subject area.
8. Average grade in the corresponding subject area & numbers of
courses taken in mathematics and science.
9. Four high school grade averages.
10. Four high school grade averages & four numbers of courses taken.
11. Four high school grade averages & four numbers of courses
taken/plan to take.
1z. Average grade in corresponding subject area & numbers ©f courses
taken/plan to take in mathematics and science.
ACT/CGIS
13. ACT score and average =g<ade in the corresponding subject area.
14. ACT score and average grade in the corresponding subject area &
numbers of courses taken in mathematics and science.
1s. Four ACT ncores & four high school grade averages.
16. Four AcT scores & four high school grade averages & four numbers

of courses taken.

17




13

17. Four ACT scores & four high school grade averages & numbers of
courses taken in mathematics and science.

18. Four ACT scores & average of 23 high school grades.

19. ACT Composite & average of 23 high school grades.

20. Four ACT scores & avarage of 30 high school grades.

21. ACT Composite & average of 30 high school grades.

22. Four ACT scores & four high school grade averages & four numbers
of courses taken/plan to take.

23. Four ACT scores & four high school grade averages & numbers of
coursaes taken/plan to take in mathematics and science.

24. ACT score and average grade in corresponding subject area &

numbess of courses taken/plan to take in mathematics and science.

Institutions from the 1987-88 data file were then identified that had
also participated in ACT’s Prediction Research Services in 1988-89. The
minimum sample size for each institution was set at 50 for both years to
raduce sampling error. Of the 175 institutions from 1987-88 and 168
institutions from 1988-89, 81 institutions were identified as having reported
college freshman GPA for at least 50 students per year.

The 24 regression equations developed from the base-year data were used
to pradict the grades of students enrolled in the same course during the
crossvalidation year (1988-89). Predicted and actual grades were then
compared and the following measures of prediction accuracy were computed for
each college, grade level, and course grade or GPA:

» CVR {crossvalidated correlation), the Pearson correlation between
predicted and earned course grade/GPA. This coefficient can be
compared with the correlation coefficient calculated from the
base~-year data to give an indication of the stability of the
predictions over time.

bl RMSE (observed root mean squared error), the square root of the
average squared different between predicted and earned college
grade/GPA. Smaller values of RMSE correspond to more accurate
prediction than do larger values. This statistic can be compared
with the standard error of estimate calculated from the base-year
data to give an indication of the stability of the predictions
over time.

bd MAE {(mean absolute error), the average of the absolute value of
the difference between predicted and earned college grade/GPA.

This statistic has immediate relevance for the quality of grade
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predictions. For example, if the MAE is .32 for predicting
freshman GPA, then, on average, there '3 an average absolute
diascrepancy of .32 grade units between predicted and earned GPA at
the college.

* BIAS (prediction bias), the average difference between predicted
and earned college grade/GPA. Positive values of BIAS
corresponding to overprediction, and negative values correspond to
underprediction.

These crossvalidation statistice were summarized across institutions;
minimum, median, and maximum institutional values were computed for each grade
level and subject area grade or GPA.

Total Group Prediction Model

The use of total group prediction models, rather than separate models for
each grade level, was also examined. Using the most parsimonious models
identified in the crossvalidation analysis, total group linear regression
prediction equations were developed for each college grade and GPA using the
1987-88 data (base-year). The total group models were then crosasvalidated by
grade level using the 1988-89 data for the same institutions. Each
institution was required to have a minimum sample size of 50 students per year
in order to be included in the analyses. This analysis would provide evidence
regarding the validity of using one total group model to predict college
grades instead of separate models for each grade level.

CVR, RMSE, MAE, and BIAS statistice were computed for each model, by
institution, grade level, and subject area/GPA. The statistics were then
summarized across institutions (minimum, median, maximum) for each grade level
and subject area/GPA. Total group median crossvalidation statistics were
compared across models and grade levels, and were also compared to the
statistics based on separate regression egquations for each grade level.
Incremental Validity Analysis

The incremental validity of test score and/or high school course work
models for each grade level were compared by calculating, by institution and

grade level, the differences in CVR and RMSE for the most parsimonious models.

14




15

The differences were then summarized across institutions. This analyeis would
help determine any improvement in prediction accuracy by using ACT/CGIS
predictor models rather than ACT/RF models, and by using combined test
score/high school course work models rather than test scores or high scheool
course work alone.
Results
s ] tics

Tables 2 and 3 contain descriptive statistics for each subject area from
institutions reporting grades in those arsas. The number of institutions in
each area is reported, along with the minimum, median, and maximum of the
following institutional statistics: number of students, mean, and standard
deviation of course grade/GPA, ACT Composite, and high school average (RF);
and number of students, mean, and standard deviation of the avers~es of 23
high school grades (CGIS). The minimum and maximum values illustrate the
range of values obtained across institutions; the median values illustrate the
results for the typical, or average, institution.

In order to maximize the sample sizes from each institution, the
statistics related to the ACT Assessment and RF data were calculated
independently of the CGIS data. Approximately 5% of the students failed to
complete all or part of the CGIS; the missing information may be noted in
Table 2 by comparing the median number of students with college course grade
data and those with the CGIS averages. However, the number of colleges
pertains to those institutions that had at least 50 students with ACT
Agssessment, RF, CGIS, and college course grade/GPA data.

As shown in Tables 2 and 3, English course grades were consistently
higher than those from other subject areas for both juniors and seniors.
Median grades for mathematics and natural sciences were at least .20 grade
units lower than the median English grade for juniors and seniors, and the
median overall freshman GPA for seniors. The median standard deviations for
mathematics grade were also somewhat larger than those for other subject

areas; mathematics grade standard deviations were .15 to .39 score units
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larger for juniors and seniors. Conversely, median standard deviations were
somewhat smaller for English grade and GPA.

The median ACT Composite scoro was relatively low for ACT-tested juniors
and seniors in English courses, as compared to other subject areaas. Smaller
median ACT Composite standard deviations were also found for students in
mathematics and natural sciences courses, compared to other subject arxeas.
The median ACT Composite standard deviation for students in English courses
tended to be smaller than that for students with overall freshman GPAs.

Maedian high school average (RF) differed somewhat across subject areas
and grade levels, though median high school average standard deviations were
similar. Median high school average (RF) was slightly higher for students in
mathematics and natural sciences courses than those in other subject areas.
The median high school average from the CGIS was slightly higher for ACT-
tested juniors and seniors in mathematics and natural sciences courses,
relative to those in English courses and freshman GPA. Median standard
deviations were similar across subject areas, however. It may also be noted
that the median CGIS high school average was slightly higher than the median
RF average for all subject areas and grade levels.

Across grade levels, median college course grades were consistently
higher for juniors than for seniors, particularly in natural sciences {2.54
vS. 2.23) and social studies (2.60 vs. 2.30). Median course grade standard
deviations were slightly larger for seniors, however, particularly in English
(.95 vs. .B5).

As expected, ACT Composite scores typically were higher for juniors than
for seniors by 1.5 to 2.2 score units, and had consistently smaller standard
deviations. Juniors’ median high school average (RF) was also slightly higher
than that for seniors in natural sciences (3.20 vs. 3.04) and for overall GPA
{3.05 vs. 2.90). The corresponding median standard deviations were similar,
however.

The median CGIS high scheool averages were fairly similar across grade

levels and subject areas except for mathematics, where the median high school
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average for juniors was slightly higher than that for seniors. Median CGIS
averag? standard deviations were similar for Juniors and seniors, however.
Crossvalidation Results

The crossvalidation analysis revealed that using courses taken/planned to
take {as compared to coursss taken) did not increass prediction accuracy
acroess regression models. In addition, includinjg the four numbers of courses
taken, or the number of courses taken in mathematics and science, did not
increase prediction accuracy over and above that for the four ACT scores, the
four high school grades, or the single ACT test score and corresponding high
school grade models. Further, the models including HSA (RF) did not yield
greater prediction accuracy than the TH index. Therefore, the regression
statistics for these models will not be reported. Detailed results for these
models are available from the author.

The crossvalidation analysis by grade level revealed that CVR, RMSE, MAE,
and BIAS did not differ substantially betweean juniors and seniors, although
the median CVRs, RMSEs, and MAEs for seniors were Slightly larger than those
for juniors. Course grades and GPA tended to be slightly overpredicted for
juniors, as compared to those for seniors. The separate grade level
crossvalidation analysis therefore will not be reported here. For a complete
discussion of the separate grade level results, see Appendix E.

Five prediction models were selected from the 24 models used for juniors
and seniors to conduct the total group regression analysis. Since the
crossvalidation results by grade level for the models using 23 grades versus
those using 30 grades were similar for most subject areas, the models based on

30 grades were not included in this analysis. The models used for this

analysis included:

M1, TH index

M2. ACT test score & corresponding high school grade average
M3. Four ACT scores & four high school grade averages

M4. Four ACT scores & average of 23 high school grades

M5, ACT Composite & average of 23 high schoei grades
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Tables 4 through 8 contain the results of the total group crossvalidation
analysis. The total group base-year results are available from the author.

A shown in Tables 4 through 8, the minimum, median, and maximum
crossvalidation results (CVR, RMSE, MAE, and BIAS) are reported for each
prediction model. The minimum and maximum institutional statistics show the
variability in crossvalidated prediction accuracy across institutions. The
medians illustrate the typical crossvalidated prediction accuracy obtained
across the institutions.

The results for predicting English grade for juniors (Table 4) showed a
relatively large median CVR for the four ACT scores & four grade averages
model (.45; M3), as compared to the results for the TH index {M1) and ACT
Composite & average of 23 grades (M5) models (.39 and .40). The median CVRs
for the other ACT/CGIS models were similar. Median RMSE and MAE were similar
across all of the models, but the median BIAS results showed that all models
tended to underpredict English grade, with median BIAS values ranging from
-.05 to -.08.

In contrast, for seniors all crossvalidation statistics were similar
across the models. Compared to the results for juniors, median RMSE and MAE
were somewhat larger for Seniors across all models. Median CVR was slightly
larger for juniors for the ACT English & English grade average (M2) and four
ACT scores & four high school grade averages (M3) models, with CVR median
differences of .03. The most noticeable difference was in the median BIAS
statistics for all models; English grade was more likely to be underpredicted
for junior-tested students than for seniors. BIAS median differences ranged
from .05 to .07.

Table 5 contains the crossvalidation results for predicting mathematics
grade. Median CVRs for juniors were fairly similar across the models, with a
somewhat smaller median CVR for the ACT Composite & average of 23 grades model
(.42; M5). Median RMSE ranged from 1.07 to 1.10, and median MAE from .87 to
.90, with the TH index (M1l) and ACT Mathematics & Mathematics grade average
(M2) models having slightly less prediction accuracy {median RMSE = 1.10;

median MAE = .90) than the four ACT score & average of 23 grades model (median
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RMSE = 1.07; median MAE = .87). The TH index (Ml) tended to slightly
underpredict mathematice grade for juniors (medisn BIAS = -.04), as did the
two models using the average of 23 high school grades (median BIAS = -.03).

For seniors, median CVR was similar across all models. However, median
RMSE was slightly smaller for the four ACT scores & average of 23 grades model
(1.08; M4) than for the TH index (1.11; Ml). The TH indax (Ml) also had a
slightly larger median MAE (.92), particularly when compared to the two models
including the average of 23 grades (median MAE = .B7; M@ and M5). Median BIAS
was near zero for all models.

In comparison to juniors, median CVRs for the ACT Mathematics &
Mathematics grade average (M2) and ACT Composite & average of 23 grades (M5)
models were slightly larger for seniors (median CVR difference=.03). Median
RMSE and MAE, however, tended to be fairly similar for juniors and seniors.

As was the case for English grade, however, all prediction models tended to
underpredict mathematics grade for junioxrs, as compared to seniors (BIAS
median difference = .02 to .07).

The results for social studies grade are reported in Table 6. For
Juniors, the crossvalidation statistics were similar across all models except
for the ACT Social Studies & Social Studies grade average model (M2) and the
TH index (Ml). The former model had smaller median CVR (.42) and somewhat
larger median RMSE (.92) and MAE ({.74) than the other models. The TH index
(Ml) was more likely to underpredict social studies grade {median BIAS = ~-.07)
than the other models.

Ag was found for juniors, the median CVR for the ACT Social Studies &
Social Studies grade average model for seniors (.42; M2) was smaller than
those of other models. However, median RMSE and MAE were similar across the
models. The median BIAS results showed a tendency for most of the models to
slightly overpredict social studies course grade for seniors, particularly the
TH index (median BIAS = ,05; Ml).

The results for seniors, compared to those for juniors, showed similar
prediction accuracy across the models, as measured by median CVR. However,

median RMSE and MAE were consistently larger for seniors, with RMSE and MAE
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median differences ranging from .03 to .06, Typically, median BIAS
differences ranged from .03 to .12. The models tended to underpredict social
studies grade for juniors and overpredict for seniors.

Natural Science grade crossvalidation results are reported in Table 7.
1t should be noted that one institution was eliminated from the analyses for
Natural Sciences grade, based on extreme BIAS values and confirmation from the
institution that the courses used in 1987-88 and in 1988-89 were not the same
courses. The results for juniors were similnrvto those found for Social
Studies grade: the ACT Natural Sciences & Natural Sciences grade average
model (M2) typically had smaller CVRs (median CVR = .44) and somewhat larger
RMSEs (median RMSE = .92) than the other models. This model and the TH index
{M1) tended to have somewhat larger median MAEs (.73); the TH index was also
more likely to underpredict Natural Sciences grade {median BIAS = -.06) than
other models.

For seniors the results were similar for all models except the ACT
Natural Sciences & Natural Science grade average model (M2) and the TH index
(M1). The ACT Natural Sciences & Natural Sciences grade average model yielded
a smaller median CVR (.42), and a somewhat larger median RMSE (.98) and MAE
{-79) than other models. Both models had a slightly larger median BIAS (.04
and .05) than did other models. The four ACT scores & average of 23 grades
model (M10) had the largest median CVR (.52) and the smallest median RMSE
{-93) and MAE {.75).

The differences between the results for juniors and seniors were fairly
consistent across the prediction models. Median RMSE and MAE were generally
larger for seniors, with differences in medians ranging from .03 to .06.
Positive median BIAS was typical for ACT-tested seniors; for juniors, Natural
Sciences grade was more likely to be underpredicted. Overall, BIAS median
differences ranged from .03 to .11. With median CVR, however, slight
differences between juniors and seniors were found for the TH index (Ml) and
four ACT scores & average of 23 grades models (Ml and M5). S§enjors had
slighily higher median CVRs than juniors for these models (CVR median

difference = .03).
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The results for predicting college freshman GPA for juniors and seniors
are reported in Table B. The results for juniors were similar for all
prediction models, except for the TH index (Ml). The TH index had the
smallest median CVR (.51), the largest median RMSE {.68) and MAE (.54}, and
was more likely to underpredict college freshman GPA for juniors (median BIAS
= =.07) than were the other models. All of the ACT/CGIS models tended to
s8lightly underpredict college GPA, with median BIAS values of -.03 to -.04.

For seniors, no differences were found in the results across all models.
In contrast to juniors, however, median RMSE was typically larger for seniors
(RMSE median difference = .03, .04) for all models, and college freshman GPA
was more likely to be underpredicted for juniors than for seniors.

The use of total group models,

rather than separate grade level models, influenced the crossvalidation
results for juniors. 1In English and mathematics, the median CVRs associated
with the total group models for juniors were actually larger than the CVRs
associated with the separate grade level models. Moreover, all models but one
ACT/CGIS model were more accurat® when predicting English grades from the
total group data.

The results for seniors showed no differences in median CVR using total
Oor separate group models. For both juniors and seniors, no differc-..es were
found in median RMSE and MAE for all subject areas except English for juniors,
where median RMSE decreased slightly for the ACT/CGIS models when using the
total group data.

Differences between total group and separate grade level models were
shown in the BIAS statistics. Across all models and subject areas, most of
the total group models for juniors showed much lower and more negative median
BIAS values than the separate grade level models; median changes in BIAS
ranged from -.02 to .08 for juniors. For seniors, however, median BIAS valueuy
were somewhat larger and more positive using the total group models than were

those using separate grade level models.
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Of the separate grade level prediction models used in the crossvalidation
analysis, seven had the greatest prediction accuracy in one or more subject

areas for juniors and seniors:

Ml. TH index

M2. ACT test score & corresponding high school grade average
M3. Four ACT scores & four high school grade averages

M4. Four ACT scores & average of 23 high school grades

M5. ACT Composite & average of 23 high school grades

M6. Four AcT scores & average of 30 high school grades

M7 ACT Composite & average of 30 high school grades

Two other models were added to this analysis to help determine the
incremental validity of each model; these included the ACT test score for the
relevant subject area (M8) and the four CGIS high school grade averages (M9).
Due to the similarity in median crossvalidation statistics for the models
using 23 or 30 high school grades, only the high schocl average based on 23
grades was retained for this analysis.

Most of the ACT/CGIS models did not increase CVR over that of the TH
index (Ml) across institutions, grade levels, and subject areas. The only
model that showed any increase in CVR over the TH inaex was the four ACT
scores & average of 23 grades model (M4), with median CVR increases of .00 to
.02.

In comparison to using the four high school grade averages alone, the
four ACT scores & four high school grades (M3) and four ACT scores & average
of 23 grades (M4) models typically increased CVR by .03 to .05 units across
all four subject areas and GPA, and decreased RMSE by .00 to .03 for both
juniors and seniors. The ACT Composite & average of 23 high school grades
{M5) model typically yielded larger CVRs than the four high school grade
averages model (median CVR difference = .03 to .06; M6), but only for social
studies, natural sciences, and freshman GPA.

Larger differences in CVR and RMSE were found when the results for the

combined ACT/CGIS models or the TH index were compared with those based on
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individual ACT scores alone. Using the four ACT scores & four grade averages
(M3) or the four ACT scores & average of 23 grades models (M4) increased CVR,
in general, by .04 to .13 across the four subject areas. RMSE typically
decreased by .03 to .07 units using these models for mathematics, social
studies, and natural sciences grade. The four high school grade averages
model (M9), when compared to models based on individual ACT scores (M8),
typically had larger CVRe by .04 to .07 units and smaller RMSEs by .02 to .03
units, but only for mathematics, social studies, and natural sciences. The
ACT composite typically obtained similar CVRs and RMSEs as the four high
school grade averages when predicting college freshman GPA.

In aggregate, relatively small increases in prediction accuracy were
found using ACT/CGIS models rather than the TH index. The practical utility
of ACT/CGIS models over the TH index model for individual institutions
required further investigation. A second method for examining the incremental
validity of these models was therefore used to determine the proportion of
institutions that increased CVR and/or decreased RMSE using one model rather
than another. For this analysis, the CVRs and RMSEs from the ACT/CGIS models
were compared with those for the TH index. The proportions of institutions in
each subject area for which CVR was larger and RMSE was smaller using an
ACT/CGIS model rather than the TH index was then determined. The results
showed that the four ACT scores & average of 23 high school grades (M4) model
was the only model that increased CVR or reduced RMSE over those for the TH
index for more than 50% of the institutions, across grade levels and all four
subject areas and freshman GPA. Typically, 60% to 72% of the institutions
showad an increase in CVR and 70% to B83% showed a deCrease in RMSE.

Summary and Conclusions

The ACT/CGIS models only slightly increased prediction accuracy in some
subject areas over that obtained by the TH index, as measured by median CVR,
RMSE, or MAE. The four ACT Scores & average of 23 grades model was the only
model to improve prediction accuracy over that of the TH index for a least 50%
of the institutions, across all subject areas and grade levels. The four ACT

scores & average of 23 grades (M4) and four ACT scores & four grade averages
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(M3) models yielded similar or slightly greater prediction accuracy, as
measured by CVR and RMSE, than the TH index model, particular for English
grade and GPA. Tre four ACT scores & average of 23 grades model had greater
prediction accuracy than the ACT Composit2 & average of 23 grades model for
English and mathematics, where median differences in CVR favored the four ACT
scores model. The 8ingle ACT test score & single grade average model (M2) had
the greatest predictjion accuracy for predicting English grade, but typically
had less prediction accuracy than other ACT/CGIS models for predicting
mathematics, social studies, and natural science course grades.

Across Bubject areas and grade levels, prediction models pased on ACT
scores and high school grades (either CGIS or RF) had higher median CVRs than
predictions based on CGIS average grades, RF grades, or ACT scores alone. The
CGIS grade averages typically had somewhat greater prediction accuracy, Aas
measured by CVR, than the four grades or high school average from the
registration folder, and somewhat smaller median RMSEs and MAEn for
mathematics grade. Moreover, the CGIS grade averages had larger median CVRs
and slightly smaller median RMSES and MAEs than the four ACT scores for most
subject areas and grade levels.

In addition, inclusion of courses taken or courses taken/plan to take did
not increase prediction accuracy over that obtained using CGIS grades and ACT
scores. Further, no differences in prediction accuracy were found for models
using courses taken, as compared to those using courses taken/plan to take.

The results of this study were similar to or slightly better, in terms of
prediction accuracy, than those of earlier studies, except for those for
college English courses and those from the Prediction Research Services
Summary Tables. These results are poeitive in that the other studies
typically used only base-year data and did not differsntiate students by grade
level. Statistics based on one year's data and on a more heterogeneous group
of students (all students rather than separated by grade level) would tend to
yield greater prediction accuracy. In comparison to the results for Noble and
Sawyer (1987), prediction accuracy was similar for all four sukject areas

except English, for which this study showed lesser prediction accuracy. The
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results for predicting freshman GPA were similar to those obtained by Sawyer
and Maxey (1979).
Pactors Related to Variation in Predictive Validity Statistics

The use of ACT scores and CGIS course work and grade information for
predicting college grades increased prediction accuracy only slightly over
that obtained using ACT scores and four self-reported grades. The failure to
increase prediction accuracy to a large degree might be attributed to
unreliability in the predictors (ACT scores and high school grades),
unreliability in the criteria (college grades or GPA), and less than perfect
relationships between the true scores of predictors and criteria.

The reliabilities of ACT test scores have been estimated between .84 and
.91 for the four tests (ACT, 1987). These were KR20 reliabilities calculated
across 15 forms of the ACT Assessment administered between 1983 and 1986.

The reliability of specific course grades has proven to be difficult to
determine. Students do not typically retake courses unless required to do so,
and thus "test-retest” reliability estimates are not feasible. The research
that has been done on college course grade reliabilities has predominantly
relied on other methods to estimate reliabilities, including using a Spearman-
Brown formula to step down an overall GPA reliability to a single course
reliability estimate (Etaugh, Etaugh, and Hurd, 1972; Schoenfeldt and Brush,
1975). BAll of these studies examined the reliability of college grades,
rather than high school grades. Etaugh, et al. reported single course
reliabilities of .30 and .44; Schoenfeldt and Brush obtained single course
reliabilities ranging from .39 to .76 for 12 specific course areas. The

reliability of college freshman GPA has been estimated to be much higher than

single course reliabilities, with estimates ranging between .80 and .82

{Millman, Slovacek, Xulick, and Mitchell, 1583; Munday, 1970).

The accuracy with which students report courses taken and grades received
was studied by Sawyer, Laing, and Houston (1988), who concluded that students
report their course grades and courses taken with a high degree of accuracy.
Similar results were found by Maxey and Ormsby (1971), who compared the four

self-reported grades with actual grades, and found that 97.8% of the grades
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were reported within one grade point of their actual value. Accuracy of the
high school average based on the four self-reported grades was also estimated
at .92 (ACT, 1965).

The relationship between ACT scores, high school course work and grades,
and freshman course grades is also influenced by the degree of content overlap
between the three measures. As noted by Olson (1989), high school grades tend
to not only measure academic skills and knowledge, but may include other
factors such as socially acceptable behavior, motivation, or effort. Similar
findings have been noted for college grades: students’ grades are often
influenced by class participation, effort, or other factors (e.g., Pedulla,
Airasian, and Madaus, 1980). In addition, differential standards of grading
can be found across disciplines and instructors (e.g., Duke, 1983).

One may conclude, then, that the CGLS and RF informscion both accurately
represent course work and grades, as reported in the high school transcript.
However, the validity and reliability of high school grades as measures of
academic achievement is limited, as are the reliability and validl€§ of
college grades. The extent to which level of achievement is distorted by
other characteristics of the student, or by unreliability in course grading,
will impact on errors of prediction, regardless of whether self-reported or
actual grades are used. The slight increase in prediction accuracy by using
CGIS grades rather than RF grades could be attributed to the greater
reliability of grade averages based on CGIS variables, as compared to the RF
individual course grades.

An additional factor for the college grades used here is that, in
participating in ACT’s Prediction Research Ser rices, institutions are free to
report any course at any level (developmental, standard, honors) in a given
subject area. The criteria lack the precision of specific course grades,
which will directly impact prediction accuracy for any given subject area.

Although the ACT Assessment tests may not measure all of the knowledge
and skills required for performance in college, it is likxely that they measure
a majority of the most important or necessary skills and knowledge required in

college courses. This will result in a strong relationship between ACT test
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scores and students’ performance in college. If the ACT tests do not directly
measure the requisite skills or knowledge for a specific course, they may
measure closely relateu ones; for students in such courses, we could expect a
significant relationship between the two sets of measured skill and/or
knowledge.

The relationship between test score, high school grades, and college
grades is also influenced by the variability in both the predictors and the
criterion; by increasing their heterogeneity, CVR will increase {(Nunnally,
1978). Conversely, if the variability in the predictors or criterion is
restricted, then CVR will decrease. Given a fixed value of CVR, RMSE
increases as the criterion standard deviation increases. For predictor/
criterion relationships with homoscedastic errors, RMSE is not directly
sffected by changes in the standard deviation of the predictors. In practice,
the varia~ility in ACT scores, high school grades, or college course grades
may be affected by preselection, placement, or college grading practices.

Across the fuur subject areas and GPA, median CVR, RMSE, and MAE were
typically smaller for English grade than for the three other subject area
grades for both juniors and seniors. Median RMSE and MAE were similar for
college GPA and English grade, however. These results could be attributed to
Placement or preselection of students into English courses.

The median standard deviations found for English grade were smaller than
those of other subject areas, with the exception of freshman GPA, which had
similar standard deviations. The reduced variability in English grades or GPA
are reflected in reduced median RMSE and MAE. For English grade, however,
median CVR was smaller than those for other subject areas, whereas for GPA,
median CVR was similar to or larger than those for other subject areas.
Further, the standard deviation for ACT Composite score for students in
English was smaller than that for GPA. The restriction of range in the
predictor and in the criterion would tend to reduce median CVR.

The restriction of range in ACT scores is likely due to placement of
ptudents into English courses. The reduced variability in English grades,

accompanied by relatively high course grade averages, compared to other
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subject areas, would suggest that grading standards for English courses are
more lenient than in other subject areas, with relatively little variation in
grading.

Mathematics grade median RMSEs and MAEs were larger than those for other
subject areas. These larger medians might be attributed to the grading
standards used for mathematics courses. The larger median standard deviations
for mathematics grade would suggest greater variability in grading for
mathematics courses, compared to other subject areas. This result was also
noted by Noble and Sawyer (1987); however, they noted greater differences in
mean course grade than was found here, with lower median grades in mathematics
than in the other three subject areas.

Implications

The results found here support the use of combined prediction models
using ACT scores and high school grades, rather than ACT test scores or grades
alone, for admissions and placement. Using high school grade averages based
on several courses rather than four course grades will slightly improve the
accuracy of placement or admissions decisions. In order to maximize
prediction accuracy, combined prediction medels should be used in making such
decisions; in particular, the four ACT scores & average of 23 CGISs high school
grades model would maximize prediction accuracCy across all subject areas and
GPA.

Thorndike {(1969), Hills (1981), and Stiggins, et al. (1989) advance the
notiocn that grades students receive should reflect, as much as possible,
relatively pure measures of achievement. As noted above, this is often not
the case for either high school or college grades. Tests like the ACT
Assessment provide a relatively distortion-free (i.e., valid) measure of
academic development. In combination with high school grades, they appear to
provide greater accuracy for making college placement and admissions
decisions, in comparison to using either test scores or grades alone.

One must also note that there is variability in the predictive accuracy
of the course grade predictors across models, grade levels, and subject areas.

As a result, local course grade and GPA prediction equations need to be
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developed to be assured of maximum predictive accuracy and correct placement
and admissions decisions.
Recommendations for Further Study

The test scores used in this study were from the ACT Assessment
administered prior to October, 1989. A new version of the ACT Assessment was
implemented beginning in October, 1989 (ACT, 1989). The general character of
the ACT Assessment was maintained in the new version, in that its contents are
achievement-oriented and curriculum-based; the contents, however, incorporate
recent changes in secondary and postsecondary curricula. It is likely,
therefore, that the relationship between scores on the new ACT tests, high
school course work and grades, and college grades will be stronger than those
reported here. This study will by replicated to determine whether similar or
increased prediction accuracy may be obtained using enhanced ACT Assessment
test scores.

Though they estimate prediction accuracy, multiple regression prediction
equations do not directly address the results of making admissions or
placement decisions based on test scores and/or high school course work.
Additional research will be conductad using alternative statistical methods
that estimate the proportions of true and false positives and negatives
resulting from using ACT/CGIS models in making admissions and placement

decisions. /
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Appendix B

High School Course Clusters
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Cluster

English 11 & English 12
English 11 & Speech
English 11 & English 12 & Speech

Algebra I1 & Trigonometry

Geometry & Trigon« aetry

Algebra IT & Geometry & Trigonometry

Algebra II & Ceometry & Trigonometry & Calculus

World History & American Government

World History & Geography

World History & American Government & Economics

World History & American Government & Economics & Geography
American Government & Economics

American Government & Economics & Ceography

Biology & Chemistry
Biology & Chemistry & Physics
Chemistry & Physics

Spanish
Spanish & French

Art
Music
Art & Music
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Appendix C
Median Simple Correlations Between

Selected Predictor Variables, Course Grades, and
Overall GPA
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N
N
Crade/GPA l
Social Natural
Predictor variable English Mathematics Studies Sciences Overall
CGIS '
English 9 .39 .31 .27 .35 .40
English 10 .38 .28 .30 .32 .36 .
English 11 »36 .33 .32 .37 <40 l
English 12 .29 .33 .23 .30 « 37
Speech .39 .19 .23 .23 .30 .
Algebra I .32 .33 .25 .36 .39
Algebra II .32 .29 «32 43 .38 '
Ceometry .26 .35 .31 .36 .35
Trigonometry .25 .34 .28 .30 .33 .
Beginning Calculus 31 .50 .04 .56 - .
Other Advanced Mathematics .32 .13 .30 .36 .29
Computer Science .20 .10 .24 11 .27 .
U.S. History .30 .26 .36 .34 .40
World History .30 .23 .36 .34 .36 .
Other History .35 .27 .25 .37 .39 .
American Government .29 .28 .35 .38 .38
Economics .28 .29 .32 4l .35 .
Geography .30 .16 .22 .36 «37
Psychology .39 .31 «25 .36 «35 .
General Science .31 .28 .29 .34 .36 l
Biology .32 .30 .36 W42 bl
Chemistry .26 .34 .33 42 .39 .
Physics .32 .26 .23 .26 .39
{Continued on next page) .
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Grade GPA )
: . Sociai Naturai
Predictor variable English Mathematics Studies Sciences Ouera:.
\ . English grade average A .36 . 34 .41 7
: Mathematics grade average .37 A2 . 36 A AN
. Social Studies grade average .32 .30 .37 A2 A
Natural Sciences grade average .38 .33 .38 40 e
. Sum of grades in
English .32 .24 .22 .31 .32
‘ Mathematics .30 .38 .33 A5 .38
Social Studies .16 .08 .16 .18 .19
Natural Sciences .24 .27 .26 .35 .33
' Foreign Languages .18 .16 .13 .25 .21
Average of 30 high school grades .44 NYi .40 .53 .54
. Average of 23 high school grades .45 W52 .38 .53 .53
' Average of 4 grade averages ) 42 » 40 .34 ST/
Sum of all grades .36 .36 .35 .49 43
i
self-reported grades in
English .35 .33 .32 .36 40
Social Studies 3% 224 - 35 .34 W40
. Natural Sciences .35 .34 .32 .36 .39
Average of 4 self-reported grades .42 .39 o422 .48 .48
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Appendix D
Median Multiple R and SEE

for Predicting College Grades and GPA
1986-87 Preliminary Models
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English (K=131)" Mathematics (K=95) Social Studics (¥=101) Natural Sciences (K=81) College CPA (K=156)

e Mult. R SEE Mult. R SEE Mult. R _GEE __ Mult. R SEE _Mult. R~ SEE

At

4 AUCT scores 40 .85 -.‘8 1.09 n66 aqb -Qb l9b .45 .13

RF

4 high school grades (RF) +60 .86 .41 1.07 T .96 Y .94 N N2

ACT/RF

/

4 ACT scores 8 & high school A8 .82 « 50 1.03 .5 .91 .59 .90 .35 .b9
grades {RF)

4 ACT scores & high school 246 .83 .48 1.04 52 92 1 .91 .95 .69
average (RF)

Th il’ldet &7 .83 549 1-04 -53 192 ‘55 91 -55 qu

ACT/CC1S

4 ACT scores & 4 high school .50 .81 .53 1.00 «55 .91 .58 .90 57 Y
grade averages {CGIS)

4 ACT scores & average uf 30 4B .82 .50 1.00 +33 .90 .7 .90 .50 .68
high schaol grades

4 ACT scores & average of 23 A48 «82 49 1.00 .93 .90 .56 .90 A6 .68
high school grades

ACT Composite & average of 30 .43 .B2 «bb 1.05 5 ¥ «90 .55 .90 ) ) .68
high school grades

AT Composite & average of 23 .43 .83 « &4 1.06 52 .90 .55 .90 5% 68
high school grades

4 ACT scores 8 & high school .51 .81 .54 .99 «57 90 .60 .89 Y] .0l

prade averages & 4 numbers
nt courses taken
4 ACT scores & 4 high school .50 .81 .54 .99 .56 .90 59 30 .58 b
prade averages 8§ numbers of
courses taken in mathematics
& stience

K = number ot colleges

47
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Appendix E
Crossvalidation Results

Using Separate Grade Level
Prediction Models
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Tables E-1 through E~8 contain the median CVR, RMSE, MAE, and BIAS
statistics for each regression model by grade level and subject area. Minimum
and maximum values are also reported, along with the total number of
institutions included in the analysis.

Eleven institutions were found to have BIAS values exceeding *.50 across

the subject areas. These institutions were contacted by telephone to
determine whether (a) different courses were used in 1988-89 than in 1987-88,
(b) different grading standards were used in 1988-89 than in 1987-88, or (c)
different samples of students were used (changes in admissions standards,
including honors courses the second year, etc.). Using these criteria, eight
of the eleven institutions were eliminated from the analysis: two because
dif ferent courses were used, three because different grading standards were
used or different grading schemes were nused to report grades, and four because
of differences in the student samples. For the other three institutions, no
evidence could be found to support their elimination from the sample, and so
were retained for the crossvalidation analysis.

As shown in Table E-1, the crossvalidation statistics for juniors were,
in general, similar across the prediction models for English grade. The
largest median CVRs occurred for the ACT English & English grade average model
(-41; M7). All ACT/CGIS models (M7-M12) had similar or slightly higher median
CVRs than the TH index (.38; M4). The ACT English & English grade average
model (M7) also had the least prediction error, as measured by median RMSE
(.80); median MAE was slightly higher for the ACT (M1l and M2) and RF (M3)
models. Median BIAS was similar across the models, typically showing no
overprediction or underprediction (Median BIAS = -.01 to .01).

For seriors, several ACT/CGIS models and the TH index model (M4) had
comparable median CVRs of .41. Slightly lower median CVRs were found for
models using CGIS predictors alone (Median CVR = .36 to .38; M5 and M6) or RF
(M3) or ACT (M1 and M2) variables alone (.31 to .35). Median RMSE was fairly
similar across the models for seniors, with values ranging from .86 to .88 for
all models using CGIS or RF variables. Median MAE was similar across

prediction models, as was median BIAS.



The median CVRs for the ACT and RF models for seniors were .02 to .05
units larger than those for juniors; the CVRs for the ACT/CGIS models were
typically .00 to .03 units larger for seniors. Median RMSE and MAE were, in
general, slightly larger for seniors than for juniors, with median RMSE and
MAE differences ranging from .02 to .05 across all models. Median BIAS
differences showed that the models were slightly more likely to underpredict
grades for seniors than for juniors.

The results for mathematics grade are provided in Table E~2. For
juniors, the largest median CVR was found for the TH index {-45; Md); median
CVRs of .44 were obtained for three ACT/CGIS models (M8-four ACT scores & four
grade averages, M9-four ACT scores & average of 23 grades, and Mll-four ACT
scores & average of 30 grades). Median RMSE was, in general, larger for
models using ACT scores or RF variables‘alone. or when mathematjics grade
average was used alone (median RMSE = 1.14 to 1.16;7; Ml) to predict mathematics
grade. The largest median MAEs were shown for the models using ACT scores
alone (.95; M1 and M2). The smallest median MAESs were found for the four ACT
scores & average of 23 (M9) or average of 30 grades (M11) models (.88). The
BIAS results showed that, in general, most models tended to overpredict
mathematics grade, with median values ranging from .0! to .06. The models
with the largest median BIAS values were the ACT/CGIS models (.05, .06).

The crossvalidation results for seniors showed somewhat larger median CVR
values for the ACT/CGIS models using either the four high school grade
averages (M8) or the average of 23 high school grades (.48; M9-M12), when
compared to other models. These models also had the smallest median RMSEs
(1.08, 1.09) and median MAEs (.86, .87). Much smaller median CVRs were found
for four high school grades (median CVR = .39; M3) or ACT scores alone {median
CVR = ,35, .36; M1 and M2). Conversely, these models had the largest median
RMSEs (1.14, 1.15) and MAEs (.94). The median BIAS results revealed that most
models typically did not overpredict or underpredict mathematics grade.

Median CVRs for seniors were typically .03 or .04 units larger than those
for juniors, except for the RF (M3) and TH index (M4) models, for which median

CVRs were similar for juniors and seniors. Median RMSE and MAE were also

ol



similar for juniors and seniors, with median differences of -.03 to .0l across
the prediction models. However, differences wers found in median BIAS between
the models for juniors and seniors; median BIAS differences ranged from ~-.05
to -.07 for the ACT/CGIS models, with these models tending to overpredict
mathematics grade for juniors and not for seniors.

Table E-3 contains the crossvalidation results for predicting college
social studies grade. For juniors, the smallest median CVRs were found for
the models using ACT scores (M1 and M2) or RF (M3) variables alone and the
CGIS model using high school Social Studies grade average alone (.34 to .39;
M5). The largest median CVRs occurred for the four ACT scores & average of 23
or 30 grades models (.47; M9 and M11l). The TH index and ACT/CGIS models had
much larger median CVRs than separate ACT, RF, or CGIS models, particularly
when all four ACT scorsas were used. The converse was true for median RMSE and
MAE, where the separate models had somewhat larger median values {(median RMSE
= ,95 to .98; median MAE = .74 to .78) than the combined models. Median BIAS
for juniors ranged from -.00 to .04, with slightly larger values for all but
two of the ACT/CGIS models (.03, .04).

For seniors similar differences were found among the prediction models,
as measursd by median CVR, RMSE, and MAE. Median CVR values were similar for
the TH index and all ACT/CGIS models except the ACT Social Studies & Social
Studies grade average model (.47 to .49; M7). Separate CGIS (M5 and M6), ACT
(M1 and M2), and RF (M3) models had smaller median CVRs (.35 to .42) and
somewhat larger median RMSEs (.99 to 1.02) and MAEs (.79 to .82) than the
combined models. All ACT/CGIS models but one had slightly smaller median
RMSEs (.94, .95) and MAEs (.75, .76) than the TH index model (median RMSE =
.97; median MAE = .78). Median BIAS values ranged from -.02 to ,02.

In comparison to juniors, median CVRs for seniors tended to be slightly
larger for the four ACT scores (M2) and the Social Studies grade average (M5)
models, with median differences of .04. Median RMSE and MAE were consistently
larger for seniors, with values from .02 to .07 grade units larger than those
for juniors. Social studies grade tended to be somewhat overpredicted for

juniors using the ACT/CGIS models, compared to seniors, with median
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differences of .02 to .03. The two exceptions were the ACT Social Studies &
Social Studies grade avarage (M7) and AGCT Composite & average of 30 grades
(M12) models, where median BIAS valuen were similar.

The median crossvalidation statistics for natural sciences grade are
provided in Table E-4. As was the case for predicting social studies grade,
the TH index model and the ACT/CGIS models using four ACT scores or the ACT
Composite (M8 through M12 had the largest median CVRe, with values ranging
from .48 to .50. The largest median CVRs were found for the ACT Composite &
average of 23 or 30 bigh school grades models (.50; M10 and Ml12). These
models also had the smallest median RMSEs (-89, .90) and MAEs (.71). Models
based on high aschool Natural Sciences grade average alone (M5) or in
combination with ACT Natural sciences Reading (M7) had the largest median
RMSEs (.92, .93) and MAEs (.73, .75). Grades in natural sciences courses
tended to be slightly overpredicted for Juniors using the ACT/CGIS models,
with median BIAS values ranging from .03 to .05.

Similar results were found for seniors. The largeat median CVRs were
found for the TH index and all ACT/CGIS models except the ACT Natural Sciences
Reading & Natural Sciences grade average model (median CVR = .49 to .51; M7).
These models alsc had the smallest median RMSEs {(-93 to .96) and MAEs (.75 to
»77). Median BIAS values showed that the CGIS models {M5 and M6) and the
model using a single ACT score and grade average (M7) tended to slightly
overpredict natural sciences grade, with median values of .03 and .D4.

Seniors and juniors had similar median CVRs across all models except the
four high school grade averages model (M6), where the median CVR for seniors
was slightly larger (.45) than that for juniors (.42). Median RMSE and MAE
were typically larger for seniors than for juniors; median values were from
.03 to .08 grade units larger for seniors than for juniors. Conversely,
median BIAS values tended to be slightly smaller for seniors; however, for
both juniors and seniors, the ACT Natural Sciences & Natural Sciences grade
average model (M7) tended to overpredict natural sciences grade. One major
difference was found using four ACT scores alone as predictors (M2); median

BIAS was .05 grade unite larger for juniors than for seniors.



Table E-5 contains the results for predicting college freshman GPA.
Prediction accuracy for juniors, as measured by median CVR, was greatest for
the ACT/CGIS models using four ACT scores and four high school averages (M8)
or four ACT scores and averages of 23 or 30 high school grades (median CVR =
.52, .53; M9 and Mll). Note that the median CVR for the ACT Composite &
average of 23 or 30 grades was .03 units larger than the TH index {ACT/RF)
model. The smallest median RMSEs and MAEs were alsc found for these models
(median RMSE = .66, .67; median MAE = .52). In comparison, the models based
on ACT Composite score (M1), all four ACT scores (M2), or RF grades (M3) alone
had smaller median CVRs (.37 to .46) and somewhat larger median RMSEs (.70,
.72) and median MAEs (.55, .56). Median BIAS for juniors was Bimilar acxoss
the CGIS, ACT/CGIS, and TH index models (median BIAS = .00 to .02). The ACT
Composite score and four ACT BCOres models (M1 and M2) tended to slightly
overpredict college GPA, with median BIAS values of .03.

For seniors the ACT/CGIS models had the largest median CVRe (.52 and
.53); the smallest median values were found when using the ACT Composite (Ml),
the four ACT scores (M2), or the RF (M3) models (median CVR = .38 to .44). As
was the case for juniors, the ACT Composite or four ACT scores & average of 23
or 30 high school grades models (M9 through M12) yielded somewhat larger
median CVRs (.52 and .53) than the corresponding TH index modal (.50). Median
RMSE and MAE were somewhat larger for the ACT (M1 and M2) and RF (M3) models,
compared to the other models, with median RMSEs of .73 and .75 and median MAE
values ranging from .57 to .59. The ACT Composite & average of 23 or 30 high
school grades (M10 and M12) models yielded both the smallest median RMSEs
(.68) and median MAEs (.53). No differences were found in median BIAS across
the models.

No differences in median CVR were found between juniors and seniors for
all prediction models for college GPA. Slightly larger median RMSEs were
found for seniors for the TH index (M4), ACT Composite alone (Ml), four high
school grade averages (CGIS; M6), and four high school grades (RF; M3) models
(median difference = .03). Median MAE was similar across all models except

the ACT Composite model (M1); seniors had a larger median MAE value for this



model. The ACT Composite and the four ACT score models tended to slightly
overpredict college freshman GPA for juniors, but not for seniora. Median

BIAS was similar across all other models.
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Table E-1

Distributions, Across Institutions, of Crossvslidation Statistics for Predicting College English Crades
{Juniors; Number of institutions = 45)

Juniors Seniors

Model Quantile CYR RMSE MAE BIAS CYR RMSE MAE BIAS

ACT

M1 ACT English 'lsage Max N9 1.20 92 .01 -39 1.18 .98 .39
Me -27 -85 -65 000 131 -90 -69 "-02
r::n -07 -55 t“l --34 -507 n56 163 '023

M2 Four ACT scores Max .31 1.21 .93 .42 <39 1.17 .97 .38
Med =26 .85 .65 -.00 .31 90 .69 -.02
”in .03 oSh .41 ~-.3B —506 .5] .‘03 --26

RF

M} Four high school grades Max .52 1.26 .99 .31 55 1.36 1.22 .35
Med .13 . 84 gy -.00 35 .58 .68 -.03
Min .00 .50 .19 -.4] .01 52 W43 -.27

ACT/RE

M4 TH index Max .56 1.18 .21 <36 .60 1.20 1.06 .37
Med .38 .82 .53 -.00 &1 .87 .1 -.03
Min .19 .50 .37 -. 18 07 .51 52 -,23

cc1s

MS English grade average Max .52 1.22 . 94 .30 57 1.33 1.17 .36
Med .35 .82 .63 -.00 .36 B7 .67 -.02
Min .13 52 Gl -1 .07 .52 42 -.26

M6 Four high school Rrade averages Max .53 1.22 .94 .30 .59 1.32 1.1 .35
Med .36 .83 62 -.00 18 Bb N1 -.02
Min 17 .50 L4l -.30 .09 .52 2 -.27

{continued on next page)
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Table E-1 {continued)

___duniors Seniors

Mndel ___Quantile CVR RNSE ~ MAE B1AS CVR RMSE MNAE BIAS
Act/ceis

M7 ACT Enplish & Fnglish grade average Max .54 1.16 .90 -36 .62 1.15 94 37

' Med &1 .80 .52 .00 bl +85 .65 ~.02

Min .17 .52 .41 -.32 .14 51 ¥ ~.23

M8  Four ACT s¢ ‘res & four high schonl Max 56 .16 .89 <37 53 1.15 .93 40

grade averages Med .18 .83 61 -, 00 .41 .85 .66 -.02

Min .21 052 <41 ”"9 .09 -51 hi2 "-24

M3 Four ACT scores & average of 23 Max .57 1,18 .90 M .64 1.15 94 .37

high schoul grades Med .19 .83 .61 ~-.00 &1 .85 .65 -.03

Min .25 .51 41 .47 .08 .52 42 -.25

MI0 ACT Compusite & average of 21 Max .61 1.19 . 9% 36 .62 1.23 1.04 .35

high school grades Med .38 .82 .63 -,00 A1 .1 .7 -.02

Min «23 A .38 -.38 .16 .52 #43 -.26

M1l Four ACT scores & average of 30 Max .58 1.18 .90 .37 63 1.15 .93 .37

high schonl grades Med .39 .81 .61 ~-.00 N .B5 <65 -.02

Min .25 .52 LAl -.4b .08 .52 .42 -.26

M12 ACT Composite 3 average of 10 Max .60 1.19 .93 +36 62 1.22 1.03 .35

fitgh schooi grades Med .39 82 .84 -.00 40 .86 .66 ~.02

Min 24 Al .39 -.38 - 16 .52 .42 -.26

58 oY
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Table E-2

Distributions, Across Institutions, of Crossvalidation Statistics for Predicting College Matbemstics Crades
{Number of institutions: 30 { juniors), 53 (seniors))

7 Juniors Seniors _

Nodel _ Quantile CVR KMSE MAE B1AS CVR RNSE MAE BIAS

ACT

Ml ACT Mathematics Usage Max .56 1.47 1.26 - 82 .02 .67 1.)1 .33
Med 32 1.16 .95 -0} «35 1.1% 9% ~.01
Nin .lz -78 .65 “a 3‘ 113 -82 .6’ -'ﬁo

N2 Four ACT scores Max 56 1.50 1.26 &2 53 1.45 1.29 34
Ned -33 ’-lﬁ -95 .04 36 l;l‘ -9‘ -,00
“in .lﬁ .’9 .65 ".30 019 -82 qﬁs "-"

RF

M3 Four high school grades Max 533 1.43 1.22 .43 .34 1.44 1.27 51
"ed .38 1-15 -93 .0] .39 l.ls .96 "00
Nin 06 .76 1/ -.54 .02 .84 .69 ~.50

ACT/RF

M4 TH index Max .66 1.43 1.23 82 66 1.43 1.28 42
"ed -&5 l-lo -92 003 065 1013 .91 '-01
Hin .20 -77 .63 -.&2 v23 .86 .6' ‘-‘6

CC1S

M5 Mathematics grade average Nax .56 1.42 1.22 <40 99 1.63 1.28 42
Ned 36 1.14 9 » 04 40 1.13 <91 -.01
Nin .09 .16 .54 -.39 16 84 .68 -.66

M6 Four high school grade averages Max .58 1.40 1.21 A0 61 1.42 1.2% 50
Med Ml 1.10 .91 .04 b i.11 89 .00
Min .13 .75 .03 ~.19 17 83 .87 -.50

b

{continued on next page)
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Tadble E-2 {continued)

e —— -— ——— 3

. duniers Seniors

Hodel __Quantile = CVR__ = RNSE  MAE BIAS VR _RNSE MAE BIAS
ACT/CG1S

MJ ACT Mathematics & Mathematics Max .65 1.41 1.22 .36 66 1.43 1.27 .36

prade average Med .43 1.11 .91 .05 b 1.10 .89 -.02

Min .25 »15 .63 ~.30 .24 .80 .65 ~.45

MB  Four ACT scores & four high school Max N1 1.44 1.23 .37 b7 1.61 1.2¢4 .39

grade averages Med LAk 1.10 .39 .06 .48 1.09 .B7 .00

Min .28 .16 .63 -.29 .24 .50 .65 ~.6L8

M3 Four ACT scores & average of 213 Max N 1.43 1.23 L42 67 1.4 1.24 .37

high school grades Med ok 1.09 .88 05 +48 1.08 B6 =01

Min .29 .76 .63 ~.32 .27 .79 .65 =40

Mi0 ACT Cumpusite & average of 23 Max .62 1.41 1.23 A6 .60 1.42 1.2% »41

high school grades Med 4l 1.10 .89 .05 45 i.10 .B7 - =~.00

Min .10 15 613 -.41 .15 .82 .66 =.41

Mil Four ACT scores & averapge of 30 Max .62 1.43 1.23 &0 b7 1.41 1.2% .37

high school grades Med N1 i.10 .88 .06 4B 1.09 .86 -.01

Min .30 .75 .62 ~.31 .25 .19 .65 -.39

M12 ACT Composite & average of 30 Max b1 1.42 1.23 .82 .51 1.42 1.25 .41

high school grades Med Al 1.10 .89 .05 4S5 1.10 .87 -.00

Min .11 5 .62 40 .16 .82 .66 ~.40

63
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Table E-3

Distributions, Across Institutions, of Crossvalidstion Statistics for Predicting College Socisl Studies Crades
{Number of institutions:s 33 {Juniors), 60 {seniors)) o

Juniors _ Seniors

ﬂgﬁel Quantile CVR RMSE NAE BIAS CVR RNSE MAE BI1AS

ACT

M1 ACT Social Studies Reading Max .50 1.17 - 96 i <64 1.25 1.04 A9
Med -3 .98 .18 02 .35 1.02 .82 ~.02
Min » 12 b9 1 -.38 .10 .73 .57 -o43

M2 Four ACT scores Max .62 1.16 .93 .39 66 1.21 1.02 .Gl
Med 37 .97 .75 .03 Al .99 079 002
Min .11 .68 54 -.19 .13 72 .36 -.41

RF

M3 Four high school grades Max .56 1.40 1.14 .39 .58 1.53 1.25 .50
Med .39 .96 .74 -.00 .39 1.0} .Bl .01
Min .12 .66 .52 ~-.564 ~.01 .70 .55 ~.43

ACT/RF

M4 TH index Max .62 1.14 .92 «39 .71 1.18 97 4%
ﬂed Qt.b -92 -73 102 168 n97 -’8 "-01
Min .22 .05 .50 ~.40 21 .69 .53 ~els2

CC1S

M5 Social Studies grade average Max .51 1.22 .98 .50 57 1,20 1.01 45
Med .33 .97 .18 -.00 .37 1.0} 82 .01
Min .18 Y. .52 -.43 .12 .72 57 -4l

M6 Four high school grade averages Max «54 1.18 .92 49 b6 1.17 .97 .39
Med L4 .95 . T4 -,00 Y .99 .79 00
Min 024 .66 £ 52 - .44 4 .70 .55 -4l

{continued on next page)
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Table £) (continued)

Juniors Sensors

Model Quantile W RMSE NAK BIAS CVR RNSE NAE BIAS
ACT/CCIS

M7 ACT Sacial Studies & Social Studies Max «53 1.17 .94 .50 .73 1.19 .98 iy

grade average Med A .93 . 14 Ni} Al .97 .78 .00

Min .09 .61 .51 -.19 .24 .12 .56 -.4l1

MB Four ACT scores & four high school Max .61 1.14 .90 4B .10 1.1% .95 .38

grade averages Med .45 .92 72 .03 47 .95 .76 .00

Min 24 .64 .51 -.41 .26 .69 54 ~-.39

M? Four ACT scores & average of 2} Max .63 1.15 .91 .49 <13 1.1% .94 40

high school grades Med 41 .91 A .04 4B .94 7% .01

Min .26 .bh .50 ~.41 .21 69 54 -.39

MIQ ACT Composite & average of 23 Max .62 1.1% .90 .92 32 1.13 .94 .38

high schanl grades Med a6 .91 .12 .03 48 .95 .15 .01

Min .28 .65 .51 =40 .26 .69 53 - 40

Ml1l Four ACT scores & average of 30 Max 64 1.14 .90 A 72 1.15% 94 40

high school grades Med 47 .91 .12 .03 48 .34 .16 .01

Min 27 , b .50 - 41 .27 .69 511 -.39

M12 ACT Composite & average of 30 Max .63 1.14 .89 51 .72 1.14 .94 .38

high school Brades Med .46 .91 .71 .02 49 .95 .75 .02

Min <30 .65 91 ~.40 .25 .69 .53 - .40
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Table E-&

Distributions, Across Institutions, of Crossvalidation Siatistics for Predicting College Natural Sciences Crades
(Numbe. of institutiona: 28 (juniors), 54 {seniors))

S R eatees
Model Quantile CVR  RMSE_~ MAF BIAS CVR RMSE NAE BIAS
act
Ml ACT Natural Sciences Reading MHax <46 1.19 -99 .} 46 1.23 1.04 .38
Med .33 ) .19 -.00 .32 1.03 .83 .01
Min .11 .60 .55 -9 -.01 W72 57 ~.41

M? Four ACT scores Max .61 1.09 .91 .33 .62 1.20 1.00 .37
Med .19 .93 L1 .04 24t .98 .19 ~.01
Min .78 .62 .51 -.19 .07 .14 .59 Ll

R¥

M3 Four high schoul grades Max .63 1.22 .98 4D .60 1.23 1.02 .18
Med W42 92 .76 03 .62 .99 19 .02
Min 27 bl .49 ~.17 .47 .10 7 - 42

ACL/RF

M&  TH index Max .67 1.10 .89 .37 .69 1.1% .97 .37
Med 48 49 T8 .03 50 96 17 .02
Min . 36 57 AT -.18 .20 .69 .59 ~ .40

Co1s

MS Natural Sciences grade average Max .52 1.2% 1.00 .35 55 1.20 1.0} .29
Med . 36 .9} A 07 .38 1.01 .82 04
Min 14 .65 .52 ~. 3% 09 .72 .58 - 44

M6 Fuur high school grade averapes Max .52 1.25 1.03 .38 .65 1.21 1.03 .29
Med Y, .91 » 12 .01 S .97 .78 .03
Min .22 h2 .50 ~. 38 .1} .69 £ 36 -.4h

(conttnued nn next —;‘;\_;;()
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Table E-4 (continued)

. ___Juniors ' Seniors

Model _ Quantile VR RMSE  MAE BIAS __CWR RMSE MAE BIAS
ACT/CGIS

M] ACT Natural Sciences & Natural Sciences Max .59 1.15 .92 .36 .61 1.19 1.00 32

grade average Med 63 .92 .13 .03 ¥ .98 .79 04

Min .30 .62 .49 -.37 04 .10 56 ~.46

M8 Ffour T scores & four high school Max 6% 1.12 .91 .34 .69 1.25 1.0) 232

grade averages Med 49 .90 11 04 49 .94 .76 .02

Min .35 .59 ,4b -.40 -.03 .69 .23 ~.46

M3 Four ACT scores & average of 23 Max .55 1.12 .91 .34 .69 1.18 .96 .30

high school grades Med .48 .89 .71 .05 <50 .93 .76 .02

Min .35 .98 46 ~. 40 .11 .68 .56 -.46

MID ACT Composite & average of 23 Max .67 1.10 .90 <34 .11 1.14 .97 .28

high school grades Med .50 .90 .71 .04 .51 .93 <75 .02

Min .37 .58 46 -.37 .27 .68 1 -4t

Mil Four ACT scores & average of 30 Max 66 1.11 .91 .34 .69 .19 .97 .30

high school grades Med 48 .89 .70 .04 .50 94 .75 .02

Min .37 .58 40 ~.40 .12 .68 .54 ~.46

M12 ACT Composite & average of 3D Max .67 1.09 <90 .3 .71 1.14 .98 217

high srhool gRrades Med .50 .89 .71 .04 .51 .94 05 .02

Min 37 .58 W47 -.38 .27 .68 .52 ~.46

ERIC
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Table E-5

Distributions, Across Institutions, of Crossvalidation Statistics for Predicting College CPA
{Number of institutions: 56 {juniors), Bl (seniors))

. __ _Juniors_ Seniors

Node} Quantile CYR RMSE MAE BIAS CVR RNSE MAE BIAS

AcT

Ml ACT Composite Max .58 1.01 .17 .37 .62 .98 .76 +26
Med .37 .12 .56 .03 .38 .75 .59 ~-.00
Min .22 A1 .38 -.20 .15 .52 b -.30

M2 Four ACT scores Max .61 1.0} 17 .37 .64 1.01 .76 .26
Med . &0 .12 .56 03 40 A3 .58 -.01
Min .23 .46 .36 -, 22 14 53 42 ~-.27

RF

M}  Four high school grades Hax 3 .98 . 15 . 34 67 95 76 25
Med LAk .70 .95 ~.00 K1) .11 .57 -.00
Min 04 b .17 -.28 .06 48 .38 -.38

ACT/RF

M4  TH index Max 65 .94 .72 + 36 .13 .93 .73 24
Med .50 .68 .53 01 .50 W11 .95 -.00
Min .28 T .35 -.25 .25 R 36 -.13

cels

M5  Average of 23 high school grades Max .68 .94 .70 .31 10 .93 .72 .32
Med .50 .68 .53 .00 49 .10 .55 .01
Min .29 A3 1 -, 11 .22 A7 .38 ~.32

M6 Four high school grade averages Max 59 .94 .70 1 .71 .94 .12 29
Med .49 H7 .51 .00 49 71 .35 -.00
Min .29 A3 . 34 ~.29 .24 AHY .37 ~.34

72 (continued on neRl PageY T T T S S s 2 et i I s e e s
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Table E-5 {continued)

.. _duniors Seniors

Mode] _ Quantile CVR RMSE ~~  MAE BIAS CVR RMSE MAE BIAS
ACT/CG1S

M8 Four ACT scores & four high school Max .70 .93 .69 + 36 .75 .93 .69 29

Rrade averages Med ¥4 .66 .52 .02 .53 .69 .93 -.00

Min «30 42 .31 ~. 26 .26 41 <34 -.30

M9 Four ACT scores § average of 23 Max .59 .93 .69 .35 7% 95 .71 .33

high school grades Med 52 .87 -52 02 53 .69 . 54 00

Min - .27 .41 .31 -.27 24 44 .36 -.28

M10 ACT Composite & average of 23 Max .59 .93 .69 .35 .74 .90 .59 .25

high school grades Med .53 .66 «52 -01 .52 .68 .51 ~-,01

Min .38 $42 .32 -.26 .31 b .37 ~«29

Mil Four ACT scores 8 average of 30 Max 68 . 94 59 ) .15 .96 .71 »33

high schoal grades Med Y4 .66 .52 .02 .52 .69 1 -.00

Min <28 .41 -3 -.26 .24 .1 - 3% -.28

M12 ACT Composite & average of 30 Max .68 .9 -68 .15 .76 .90 .69 .25

high schonl grades Med .53 .67 .52 .01 .53 .68 53 -.00

Min .18 42 .30 -.25 .30 A5 .37 -.29

75
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Table 1

Summary of Research on Predicting Freshman GPA

Predictor variablas

Author Criterion Test High school intormation N R
ACT {1988) College GPA 4 ACT tests 2694 #4345
4 MS grades .48
4 ACT tests 4 HS grades »D5
Aleamoni & Oboler (1978) Coitege GPA SAT-T HS rank 4,283 A3
SAT-V, SAT-M HS rank N1
ACT Composite HS rank o459
HS rank 2A4
Cameron (1989) College GPA HS rank 21,685¢ .95, .48
SAT-T D7, 42
SAT-T HS rank .09, .55
Crouse & Irushaim (1988) Coltege GPA SAT-T 2,870 37
HS rank Jd1
SAT-T HS rank 1.
Crouse & Trusheim {1989) College GPA SAT-T, sex 1,010 L48-,54
Datton (1976) First semester GPA SAT-T HS rank 386-4,863 237~ .64
Durio & Siover (1980) Cottzge GPA SAT~V, SAT1-M, Math Ach, HS rank 1,3/9-2,189 .20, ,00
ETS (1980) College GPA SAT-T 827» A1
HS GPA .52
SAT-T HS GPA 58
Ford & Campos (1977) Cotlege GPA SAT -y 829 <430
76 SAT-M .35 7
HS rank 50 7
SA1-¥, SAl-M HS rank .28

{Continued on next page)

* Number ot colieges




Predictor varisbies

Author Criterion Test High school information N R
Medges & Majer (1978) Coi lege GPA SAT-M, SAT-v HS GPA 161 242
Humphreys, Levy, & Taber (1973) First-eighth semester MS rank 2,811 ,06-,29
GPA ACT-English Usage L0316
ACT-Mathematics Usage -,02-,16
ACT-Sociat Studies Reading 05,16
ACT-Natural Sciences Reading -.02~-,16
ACT-Composite L04-,24
Lenning (197%) GPA 4 ACY tests 40 «46
4 ACT fests 4 H5 grades 58
SAT-V, SAT-M 271, 348 W27, o35
4 ACT fests 240, L4
CEEB-E L9, 19
CEEB-M 29, 35
SAT-T, CEEB-E, CEEB-M .9, 40
McCornack & Mcteod (1988) Coliege GPA SAT-¥, SAT-M HS GPA 50-1,49) 37
Specific course grades SAT-V, SAT-M HS GPA o 31
Rowan (1978) first semester GPA 4 ACT tests & ACT Composite 1,135 D3, 59
Second semester GPA 4 ACT tests & ACT Composite 1,154 .0, .56
Sawyer & Maxey (1979) Col tege GFA 4 ACT tests 200" A48
4 HS grades .48-,50
4 ACT tests 4 HS grades 25, .56
Sue & Abe (1988) Col lege GPA SAT-V, SAT-M HS GPA 848, 3,730 .45, .50
English Comp, Math | HS GPA 651, 2,510 4%, L47
English Comp, Math t1 HS GPA 172, 1,153 .46, ,54
Trusheim & Middaugh (1987) Cot 1ege GPA SAT-T, SAT-M, sex 11,868 D7
Wiltingham & Breland (1987) Cot tege GPA SAI-T g +29-,061
SAT-1 HS rank {(normalszed) o25-,.506
HS rank (normalized) +86- .65

*  Number ot colleges
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Tadle 2

Distributions, Across Institutions, of Base Year Descriptive Statistics for Course Grade/GPA, ACI Composite,
High School Average (RF), and Average of 23 High School Grades (0GIS)

(Juniors)
Course Grede/GPA ACT Composite  HS average (RF) Average of 23 HS grades (CGIS)
Number of Number of
Sub ject area Quantile sfudents Mean SD Mean SD Mean 50 studenis Mean Sh
Engtlish Min 57 2.34 0,54 16,5 2.2% 2.00 0.1 57 2,70 0,36
{60 institutions) Med 194 2,79 0.85 20,8 4,14 Z2.98 0.61 179 3.08 0,53
Max 1577 5,31 1,32 25,9 5.48 3.52 0,72 1478 3.54 0,66
Mathematics Min 58 1.69 D0.73 18,3 2,39 2.51 0.40 58 2,62 0,33
{41 institutions) Med 169 2.4 1.17 22 .1 3.89 3.15 0,58 162 3.24  0.50
Max 1516 5,06 1,52 26,4 5.18 3.56 0.68 1261 3.58 0.00
Social Studies Min 57 V.72 0.72 16,8 2.42 2.67 0,41 53 277 0.3
{53 institutions) Med 185 2.60 0.99 21,6 4,11 5,05 0.6} 172 3,14 0,52
Max 1596 3.2 151 28,2 5.42 3,53 0,74 1515 5.9% 0.b4
Naturaf Sciences Min 52 0.84 0,77 18.9 2.39 2.57 0.40 52 2.7 0,33
{37 institutions) Med 157 2.54 1,00 22,4 3.98 3,20 0.59 152 5.2% 0,50
Mdx 928 2,86 1,30 26,3 5.02 3.51 0,72 488 .06 0,83
Overaii GPA Min 52 2,22 0.5 16,8 2,45 2,58 0.41 50 2,69 0,3
{80 institution«) Med 249 2.6} 0.79 21,2 4,43 .05 0.62 J42 j.14 0,55
Max 2002 3,06 1,05 20,3 5.91 3.51 0.74 1903 3.5 0,08
£ 51
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Table 3

Distributions, Across Institutions, of Base Year Descriptive Statistics for Course Grade/GPA, ACT Composite,
High School Average (R¥), and Average of 23 Migh School Grades (CGIS)

(Seniors)
Course Grade/GPA ACT Composite HS average (RF) Average of 23 HS grades (CGI1S)
Number of Number of S .

Subject orea Quantile students Mean SO Mean SD Mean SD students Mean sD
Engt-sh Min bl 1,74 0,59 12,7 3,03 2,42 0.47 51 2,54 0,59
(97 institutions) Med 382 2.59 0,95 18,6 4,48 2.89 0.64 294 3.0 0,55

Max 2057 5.26 1,42 24.9 6.46 3,48 0.77 1818 31.53 0,66
Mathemat scs Min 56 1.30 0,84 13,0 2,.8% 2,46 0,34 50 2.5 0,37
(BO institutions) Med 213 2,25 1,22 19,6 4,35 2.99 0.03 177 3.09  0.54

Max 1654 2.76 1,49 25.3 6,82 3.55 0.78 1456 3,58 0,6%
Social Studier Min 56 1.23 0,74 13.5 3.09 2.47 0,44 52 2,598 0,39
(93 institutions) Meg 292 2,30 1,06 19,0 4,65 2.94 0.64 246 3.06 0,56

Ma x 2167 3.02 1,60 25,1 6,17 .48 0,75 1922 3.53 0,67
Naturat Sciences Min 53 0,77 0.77 12,4 2.99 2,5 0,46 5% 2,65 0,57
t76 »nstitutions) NMed 220 2,25 1,07 19,6 4,50 3,04 0,63 181 5,15 0,54

Max 1945 2.74 V.37 25,2 6,41} 3.5 0,79 1802 306 0.67
Cverall (rA Mip 66 1.9 0,58 12.1 3.04 2.46 0,47 )] 2.98 0,3
12 anstitutiona ) med 973 2.42 0.83 18,9 4,83 2,90 0,65 428 3,01 0,57

Aax 2129 3. 14 1,07 25,6 0,060 3.48 Q,78 /518 3,54 0.68




Table 4

Distributions, Across institutions, of Crossvalidetion Statistics for Predicting College English Grades Using Total Group Models
{Number «f institutions: 49 (juniors), 74 {(seniors))

Juniors Seniors
Mode| Quantile CWR RMSE MAE BiAS CYR RMSE MAE BiAS
ACT/RF
M1 TH index Max .03 1.18 1,00 32 .60 1,20 1,05 .40
Med 30 .81 .03 -,08 .41 .87 .06 -,01
Min .19 .49 .38 -.47 .10 .51 .40 -.21
ACT/CGIS
M2 ACT English & tnglish grade average Max .60 1,15 .92 33 .62 1.16 .33 .59
Med «34 +81 01 -,07 .41 85 DS 00
Min i s 52 A1 -, 45 o7 .50 LAl - 20
M3 Four ACT scores 8 four high school Max D3 .16 .92 .36 .63 .15 .92 <37
grade daverayges Med .45 79 D1 ~-.06 .42 .35 065 .00
Min 222 .46 . 36 - A7 L1 50 240 ~a22
M3 tour ACT scores & average of 235 Max N1 1.17 .34 35 .05 1,16 .93 o537
high schoo! grades Med .43 .80 .02 - 06 242 .85 55 - .00
Min 027 .47 .37 - .47 o3 . D0 o431 - 22
M5 ACT Composite & average of 23 Max .02 1.18 .96 .35 .62 1,23 1.04 .35
high schoo! grades Med .40 .81 .63 -.05 21 .86 66 - 00
Min 23 34 035 -.453 16 o2 .43 -.24

§ .4
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Tabie S

Distributions, Across Institutions, of Crossvalidation Statistics for Predicting College Mathematics Grade Using Total Group Models
{Nusber of institutions;: 34 (juniors), 59 (senlors))

Juniors Seniors
Model Quantile CYR RMSE MAE BIAS CYR RMSE MAE BIAS
ACT/RF
M1 TH index Max H7 1,44 1,27 32 «66 1.43 1,27 A7
Med <35 1.10 .30 -.08 47 1,11 82 »03
Min W21 o715 62 -.38 23 .80 .86 - o 37
ACT/CGIS
M2 ACT Mathematics & Mathematics grade average Max .65 1,43 1.26 28 «66 1,43 1,26 o83
Med 43 1,10 .90 -.01 .36 1,10 89 01
Min 024 75 .63 ¢35 024 80 .63 - .39
M3 Four ACT scores & four high school Max 065 .41 1.25 <30 07 1.41 1,24 o435
grade averages Med .45 1,08 .58 -.02 .47 1,09 89 .01
Min -50 076 062 ".34 .25 .79 .6' ".4'
M4 Four ACT scores & average of 23 Max .64 1.42 1.25 o3} .67 1,41 1,24 .44
high school grades Med 45 1,07 .87 -.03 A7 1.08 87 01
Min o31 o715 62 -e35 »28 o719 .60 - o34
M5 ACT Composite 8 average of 23 Max D2 1,42 1,26 32 .03 1.42 1,28 47
high school grades Med .42 1,09 .88 ~.03 o35 1,10 87 Roli
Min W12 7Y 63 -.35 .14 .79 .60 34




Table 6

Distributions, Across Institutions, of Crossvaiidation Statistics for Predicting
College Social Studles Grade Using Total! Sroup Models
(Mumber of institutions: 37 (juniors), 61 (seniors))

Juniors Seniors
Mode | __Quantile CVR RNSE MAE BIAS CVR RMSE MAE BIAS
ACT/RF
M1 TH index Max 03 1,13 .94 34 .77 1,18 27 .44
Med 47 1] .13 - .07 +48 27 .78 .05
Min .23 .05 21 - .48 W21 .69 D3 -+35
ACT/CGIS
M2 ACT Social Studies & Social Studies Max 58 1.14 93 .45 A 1.19 .98 47
grade average Med #4342 .92 .74 -.03 A2 #97 o717 .03
Min .21 .06 T -~ 46 .24 72 « D6 -e 32
M3 Four ACT scores & tour hiyh school Max .64 1,11 .89 234 270 1,16 24 .38
grade averages Med A7 .89 A -0l ¥ .95 ./t .03
Min 24 .54 5] - 443 23 .08 D3 ~ebd
M4 Ffour ACT scores 8 average of 23 Max .04 1,11 .88 044 .73 1.15 .94 o 7
high schoot grades Med +48 .90 .70 -.01 A7 .99 76 o
Min o7 .04 50 ~o34 27 53 o3 3D
M5 ACT Composite & daverage of 23 Max .04 1,12 B9 A7 72 1,14 .94 e 35
high schooi grades Med 047 .30 o 71 - 0! .48 oI5 o706 .3
Min o 31 o505 o 31 ~-.44 25 L8 o3 . 30
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Tabie 7

Distributions, Across Institutions, of Crossvalidation Statistics for Predicting
Coliege Naturat Sciences Grade Using Total Sroup Models
(Number of institutions: 31 (juniors), 54 (seniors))

Juniors Seniors
Nodel Quantile CYR RMSE WAL BIAS CVR RMSE MAE BiAS
ACT/RF
Ml [H index Max 67 1,07 86 26 .69 1.15 297 042
Med +48 .89 73 -,0b S 95 o186 .05
Min 36 o317 .48 -.36 .20 .69 -] -.480
ACT/CGIS
M2 ACT Natural Sciences & Natural Sciences Max <59 1,14 30 <30 .3 1,18 <98 37
grade 8verage Med »44 92 «13 -,03 A2 .98 719 04
Min 30 63 .49 -a37 01 68 55 -o 3
M3 Four ACT scores 8 four high school Max .64 1,06 .87 226 10 1e21 1,00 o34
grade averages Med 439 .89 70 -.02 +H0 .93 75 02
Min .37 60 .47 - 37 .00 .59 53 -.36
M4 Four ACT scores & average of 23 Max 54 1,06 87 o284 .70 1,17 R ) .35
high schoel grades Med .49 .88 o713 -.01 32 23 o715 .03
Min 37 29 48 -o37 o3 .08 53 -o37
M5 ACT Composite & average of 23 Max 08 1.07 87 25 .71 1,13 95 .31
high school grodes Med o531 .89 71 -,02 092 o4 79 02
Miﬂ .37 .59 .47 ".36 .27 .68 .5‘ "57
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Tabis 8

Distributions, Across Institutions, of Crossvalidation Statistics for Predicting College GPA Using Toval Group Modeis
(Nusber of institutions: 60 (juniors), 81 (seniors))

Juniors Seniors
Mode | Quantile CVR RNSE MAE BiAS CVR RNSE MAE BIAS
ACT/RF
M! TH index Max H5 24 o195 «20 o753 .92 £72 27
Med 21 08 Y -.07 .50 71 55 .02
Min 36 <44 <36 ~o 532 28 A3 .34 ~ 30
ACT/CGIS
M3 Ffour ACT scores & four high school Max .00 .93 all 22 7% 92 W71 27
grade averages Med .54 65 o91 -,04 .53 .69 «54 .02
Min o33 42 32 ~.28 025 .40 .32 - .28
M4 Four ACT scores 8 average of 23 Max 59 o933 W71 22 .75 .22 072 «27
high schoo! grades Med o34 .56 52 -.04 53 .59 «53 .02
Min ,36 .42 ‘32 ‘.29 .23 od1 '33 _026
M5 ACT Composite & average ot 23 Max .59 .91 09 .24 74 87 09 20
high school grades Med W53 06 32 -,03 052 .69 53 <01
Min 37 .42 » 33 ~ 429 .30 .44 36 -a21
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